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Abstract

The COVID-19 pandemic triggered one of the most severe economic disruptions in recent history,
shaking financial markets and real-sector activities across the globe-especially in emerging economies
like India. This study takes a closer look at how stock market volatility, shifts in commodity prices, and
the rise in non-performing assets (NPAs) in Indian banks were interconnected during this turbulent
period.

Drawing on daily and quarterly data from January 2016 to December 2023, the research uses advanced
econometric techniques-including VAR-GARCH, DCC-GARCH, wavelet coherence analysis, and
panel regression models-to uncover patterns and relationships.

The findings reveal a strong connection between financial market stress and deteriorating asset quality
in the banking sector. As stock market volatility surged during the pandemic, NPAs in banks climbed
noticeably. At the same time, sharp declines in key commodity prices-especially crude oil and
industrial metals-intensified the risk of loan defaults. Banks with greater exposure to commodity-
sensitive sectors felt the impact more acutely.

Stress-testing scenarios show that when volatility spikes and commodity prices crash simultaneously,
banks’ capital adequacy levels could dip below regulatory thresholds-posing a serious systemic risk to
financial stability.

These insights underscore the need for integrated macro-financial monitoring and forward-looking
policy measures. Strengthening volatility tracking, building up counter-cyclical capital buffers, and
diversifying risk exposure are key steps to making India’s banking system more resilient in the face of
future crises.

Keywords: COVID-19, stock market volatility, commodity price shocks, non-performing assets
(NPAs), Indian banking risk, GARCH, systemic risk

Introduction

The COVID-19 pandemic began as a health emergency in early 2020, but it quickly evolved
into one of the most severe economic shocks in recent history. Financial systems, global
trade, and commodity markets were thrown into disarray, and India-like many emerging
economies-was hit especially hard.

When the nationwide lockdown was announced in March 2020, industrial and service
activities across the country came to a near halt. The impact was immediate and dramatic:
India’s major stock indices, the BSE Sensex and NSE Nifty, plunged by around 13% in just
one week, marking their steepest drop since the 2008 global financial crisis.

Meanwhile, the collapse in global demand led to sharp declines in the prices of key
commodities. Crude oil, industrial metals, and agricultural goods all saw significant price
drops during the first half of 2020. For Indian companies-particularly those dependent on
commodity exports or with high commodity-linked input costs-this was a major blow. Their
financial health deteriorated, and the effects rippled through the economy.

The banking sector, already burdened with a high level of stressed assets, began to feel the
strain. Non-performing assets (NPAs) started to rise, especially in industries closely tied to
commodity price movements.
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The pandemic didn’t just expose existing vulnerabilities-it
deepened them, revealing how tightly interconnected India’s
financial markets, commodity sectors, and banking system
really are.

Problem Statement

While earlier research has explored stock market volatility
and commodity price shocks on their own, few studies have
looked at how both of these forces-acting together during
the COVID-19 crisis-impacted the health of India’s banking
system. The pandemic created an unusual and complex
environment where financial market swings, economic
slowdown, and global commodity disruptions were all
deeply intertwined. This convergence placed enormous
pressure on banks, especially in terms of asset quality and
financial stability. To truly understand how vulnerable the
financial sector became during this time, it’s essential to
examine the combined impact of these simultaneous shocks
and the systemic risks they exposed.

Importance of the Study

Understanding how economic shocks ripple through the
banking sector is essential-especially when it comes to
spotting early warning signs before they turn into full-blown
crises. This kind of insight is key to shaping smarter
regulations and stronger oversight. Banks sit at the heart of
the economy: they help build capital, extend credit, and
drive recovery during tough times. That’s why it’s so
important to grasp how swings in financial markets and
commodity prices can shake their stability, particularly in
the face of future global disruptions.

This study aims to map out and measure the impact of
COVID-driven stock market volatility and commodity price
shocks on the rise of non-performing assets (NPAs) in
Indian banks. By doing so, it sheds light on the deeper
systemic risks at play-and offers valuable lessons for
making the financial sector more resilient going forward.

Literature Review

Stock Market Volatility and Spillovers Post-COVID-19
The COVID-19 outbreak unleashed an extraordinary wave
of wvolatility across global and domestic equity markets.
Researchers have turned to advanced econometric models-
like VAR-BEKK-GARCH and DCC-GARCH-to understand
how this volatility spread and persisted. Narayana Maharana
et al. (2024) observed that Indian equity markets became
significantly more volatile after March 2020, with clear
spillover effects from major global players such as the U.S.
and China. Their use of the DCC-GARCH model also
revealed structural breaks and rising correlations between
markets during periods of heightened uncertainty.
Supporting this, Das and Das (2022) found that the links
between the Nifty 50, crude oil prices, and the USD/INR
exchange rate grew stronger during the pandemic, especially
in the early lockdown phase. They noted increased volatility
clustering and shifting correlations-signs of financial
contagion risks. Together, these studies suggest that Indian
financial markets became more sensitive to global shocks
post-COVID, raising concerns about how external volatility
could seep into domestic credit and banking systems.

Commodity Price Shocks and Their Impact on NPAs
Commodity markets took a major hit during the pandemic,
with prices of crude oil, industrial metals like copper and
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steel, and agricultural goods falling sharply. For India-a net
importer of crude oil and a heavy consumer of industrial
metals-these shifts posed serious economic challenges.
Kumar et al. (2022), in a study for the Centre for Social and
Economic Progress (CSEP), found that banks with
significant exposure to commodity-linked industries such as
infrastructure, steel, mining, and energy saw a notable rise
in non-performing assets (NPAs) during 2020 and 2021.
Their analysis linked nearly 30% of the additional NPA
burden directly to falling commodity prices.

Banerjee et al. (2020) echoed these findings, showing that
commodity price fluctuations can weaken corporate finances
and impair loan repayment capacity-especially in sectors
heavily reliant on raw materials. These pressures inevitably
trickled down to the banking sector, amplifying credit risk
during the economic downturn.

Pandemic Effects on Indian Banking: NPA Growth and
Sectoral Exposure

The pandemic’s toll on the asset quality of Indian banks has
been well documented. The Reserve Bank of India’s
Financial Stability Report (FSR) warned that gross NPAs
could surge without emergency measures like loan
moratoriums and credit guarantees. Reuters (2021, 2023)
reported that public sector banks (PSBs) saw rising defaults
in sectors such as hospitality, aviation, and MSMEs-
industries that were among the hardest hit by lockdowns.
Bhatia and Gupta (2020) found that income shocks from
COVID-19 led to a spike in overdue accounts, particularly
among small businesses and individual borrowers. Many of
these accounts turned into NPAs by mid-2021, and delays in
debt restructuring only worsened the situation. Both public
and private banks saw a decline in their overall credit
portfolios.

A 2022 article in the Journal of Economic Studies added
that the pandemic shifted banking behavior. Institutions
became more risk-averse, tightening lending standards and
slowing the pace of credit recovery in the post-COVID
period.
Macro-Stress Models: RBI and IMF
Frameworks

To assess systemic risk in the banking sector, stress testing
has emerged as a vital policy tool. Both the Reserve Bank of
India (RBI) and the International Monetary Fund (IMF) use
macro-stress testing frameworks that link NPAs to broader
economic indicators like GDP growth, interest rates,
inflation, and stock market performance.

Dua and Kapur (2017) applied a vector autoregressive
(VAR) model incorporating GDP, inflation, lending rates,
and market indices to simulate stress scenarios. Their
findings showed that a 1% drop in GDP could push up the
gross NPA ratio by as much as 0.5 percentage points in
public sector banks. An IMF working paper (2021) further
highlighted how macro-financial linkages intensified during
the pandemic. It found that corporate solvency became more
vulnerable to market fluctuations, and recommended
boosting capital buffers and planning for capital adequacy to
safeguard the banking sector

Testing

Research Gaps

1. Lack of Joint Analysis: Most studies examine stock
market volatility and commodity price shocks
separately, missing their combined impact on NPAs.
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2. Underuse of High-Frequency Models: Tools like
GARCH and wavelet analysis are rarely applied to
track real-time financial stress and NPA trends.

3. Limited Market Signal Integration: Dynamic
indicators such as exchange rates and equity volatility
are often excluded from systemic risk models.

4. Incomplete COVID Timeline Coverage: Research
tends to overlook the full pandemic cycle-pre-crisis,
peak, and recovery-due to earlier data constraints.

5. Neglect of Bank-Level Differences: Variations
between public/private and large/small banks are
frequently ignored in vulnerability assessments.

6. Weak Stress-Testing Frameworks: Few models
simulate the combined effects of financial and
commodity shocks on bank capital buffers, limiting
systemic risk evaluation.

Objectives of study

1. Measure stock market volatility and global spillovers
using GARCH models.

2. Analyze how commodity price shocks affect NPAs
across sectors and banks.

3. Model combined effects of market and commodity
shocks on NPA growth.

4. Conduct stress tests to assess bank capital adequacy
under crisis scenarios.

5. Recommend policies to strengthen risk management
and financial stability.

Research Methodology

This study takes a deep dive into how different financial
markets are linked to the health of the banking sector,
especially during the turbulence of the COVID-19
pandemic. Using robust quantitative methods, it uncovers
the hidden patterns and pressures that shaped the financial
landscape during this crisis.

Methods of Research

At the core of this research is a set of powerful econometric

tools, each chosen to tackle a specific part of the study’s

questions. Together, they help uncover how financial market
dynamics and commodity shocks influence the health of

India’s banking sector-especially during times of crisis like

COVID-19.

e Univariate GARCH Models: These models are used
to track and forecast volatility in individual financial
time series, such as stock indices and commodity
prices. They help us understand how risk behaves
within each market on its own.

e VAR-BEKK and DCC-GARCH Models: To explore
how different markets interact, we use multivariate
models. VAR-BEKK captures the direct relationships in
volatility between asset classes by modeling their
covariance structure. DCC-GARCH, on the other hand,
focuses on how correlations between markets change
over time-revealing how shocks in one area can ripple
through others.

e Wavelet Coherence Analysis: This technique dives
deeper into how financial time series move together
across different time horizons-short-term, medium-
term, and long-term. It helps identify which markets
lead or lag others, and how their relationships evolve
over time.
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e Panel Regression for NPAs: To understand what
drives non-performing assets in banks, we use panel
regression models. These allow us to study how
macroeconomic factors and bank-specific
characteristics-like exposure to volatile markets-affect
NPA levels across different institutions. We’ll test both
fixed and random effects models to find the best fit.

e Stress Testing: Finally, we simulate crisis scenarios-
such as sharp market downturns or commodity price
crashes-to assess how resilient banks are under
pressure. These tests combine historical data and expert
judgment to estimate how such shocks could impact
bank balance sheets and capital adequacy.

Research Areas

e Stock Market: It will examine the performance and
volatility of India’s major equity indices-Sensex and
Nifty-which reflect broader market trends and investor
sentiment.

e Commodity Indices: The study will analyze price
movements and volatility in crucial commodities like
crude oil and industrial metals. These play a vital role in
India’s economy and can significantly influence the
financial health of businesses and, in turn, the banking
sector.

e Bank Non-Performing Assets (NPAs): A core part of
the research will explore trends in gross and net NPAs
across different types of banks. This includes:

= Scheduled Commercial Banks (SCBs): Offering a
comprehensive view of the banking sector.

= Private Banks: Providing insights into how these
institutions managed risk and maintained resilience
compared to others.

e Pandemic Period Analysis: The study will track how
these financial indicators behaved throughout the
pandemic-from the initial shock to the recovery phase-
helping to assess the broader economic impact and the
banking sector’s response.

Tools of Research

To carry out the econometric analysis, this study will use a

range of specialized software tools, each chosen for its

strengths in handling specific techniques:

e EViews, R, and RStudio: These platforms will be used
to implement and analyze GARCH models-including
Univariate, VAR-BEKK, and DCC-GARCH-as well as
VAR models. Their robust time series capabilities make
them ideal for capturing market volatility and spillover
effects.

e MATLAB and Python: With powerful libraries for
signal processing and numerical computation,
MATLAB and Python will be used for wavelet
coherence analysis. This will help visualize how
different financial time series move together across
various time horizons.

e STATA: STATA will serve as the primary tool for
panel regression analysis focused on non-performing
assets (NPAs). Its strong support for panel data makes it
well-suited for studying how NPAs evolve across
different banks over time.

Period of Research
This study spans a wide time frame, carefully divided into
four distinct phases to capture the full arc of the COVID-19
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experience-from stability to crisis, and into recovery. This

structure allows for meaningful comparisons across different

economic conditions:

e Pre-Pandemic Period (Jan 2016 - Feb 2020): This
phase serves as the baseline, reflecting normal market
behavior before COVID-19. It helps establish how
financial and banking indicators typically interact under
stable conditions.

e COVID Crisis Period (Mar 2020 - Dec 2021):
Covering the height of the pandemic, this period
includes the initial lockdowns and widespread
economic disruptions. It focuses on how financial
markets and the banking sector responded to the shock.

e Early Recovery Period (Jan 2022 - Dec 2023): This
phase captures the first signs of economic rebound. It
offers insights into how resilient the markets and banks
were, and how effective the recovery measures proved
to be.

e Ongoing Trends and Residual Impact Period (Jan
2024 - Jun 2025): Extending into the present, this
period explores lingering effects of the pandemic and
emerging financial trends. It helps assess long-term
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implications and what the “new normal” looks like for
India’s financial system.

Data Sources

This study draws on a diverse set of data to capture the

financial and banking dynamics during the COVID-19

period:

e Daily Stock Market Data: It uses daily performance
figures from the NIFTY 50 index between January
2019 and December 2022 to track market volatility and
investor sentiment.

e Commodity Prices: Price trends for key commodities-
crude oil, gold, and agricultural products-are analyzed
over the same period to understand their economic
impact and link to banking stress.

e Banking Sector Data: Quarterly data on non-
performing assets (NPAs) is sourced from the Reserve
Bank of India and individual banks, offering insights
into asset quality across the sector.

e COVID-19 Timeline Markers: Key dates and phases
of the pandemic are incorporated to align financial and
economic shifts with major public health and policy

events.
Variables
Variable Description Source
Stock Market Volatility Daily return volatility of NIFTY 50 index NSE
Commodity Price Shocks Percentage changes in commodity prices MCX, RBI
Non-Performing Assets Ratio of NPAs to total advances RBI Quarterly Reports
Control Variables GDP growth, inflation, interest rates RBI, MOSPI

Econometric Models

This study uses a mix of advanced tools to unpack the

complex relationships between financial markets and

banking sector health:

e GARCH (1,1) Model: To track and measure how
volatile the stock market has been, especially during
turbulent periods like COVID-19.

e Structural VAR Model: To explore how different
financial variables interact over time and influence each
other dynamically.

e Panel Regression: To analyze how shocks in
commodity prices-like crude oil and metals-impact non-
performing assets (NPAs) across various banks.

e Systemic Risk Metrics (SRISK): To assess which
banks pose the greatest systemic risk and how
vulnerable they are during financial stress.

highest instability, with an average price change of 2.1%
and a large standard deviation of 4.5%, reflecting global
supply-demand shocks that likely strained energy-dependent
sectors. Gold, with a lower average change of 0.5% and a
2% deviation, acted as a relatively stable asset. Meanwhile,
the average NPA ratio of 9.5% and a deviation of 1.7%
point to significant stress in India’s banking sector,
suggesting that market and commodity volatility may have
contributed to rising credit risk and deteriorating asset
quality.

Table 2: GARCH (1,1) Model Results Estimating NIFTY 50

Volatility
Parameter Coefficient Std. t Significance
Error [Statistic g
o (Constant) 0.0005 [0.0001 5 Highly significant

o (ARCH term) 0.12 0.04 3 Moderately significant

B (GARCH term) 0.83 0.05 | 16.6 |Marginally significant

Data Analysis
Table 1: Descriptive Statistics of Key Variables (Jan 2019 - Dec
2022)
Variable Mean Std. Dev
NIFTY 50 Volatility (%) 1.8 1.2
Crude Oil Price Change (%) 2.1 4.5
Gold Price Change (%) 0.5 2

NPA Ratio (%) 9.5 1.7

Source- Reserve Bank of India’s Financial Stability Report (FSR)

Interpretation

The data reveals key financial and banking sector dynamics
during the COVID-19 period. NIFTY 50 volatility averaged
1.8% with a standard deviation of 1.2%, indicating moderate
but frequent market fluctuations. Crude oil showed the

Source- Bloomberg

Interpretation

The model estimates show that the constant term (@ =
0.0005) is highly significant, suggesting a stable baseline
level of volatility in the market. The ARCH term (a = 0.12),
which captures the impact of recent shocks, is moderately
significant-indicating that past volatility has a noticeable but
not dominant effect on current market movements. The
GARCH term (B = 0.83), which reflects the persistence of
volatility over time, is marginally significant but has a high
coefficient. This implies that volatility tends to remain
elevated once triggered, even if the statistical confidence is
slightly lower. Overall, the model suggests that market
volatility is persistent, with recent shocks playing a
secondary role, and a stable underlying trend.
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Table 3: Panel Regression Results Showing Impact of Commodity
Price Shocks on NPA Ratio

Variable Coefficient|Std. Error|t-Statistic|p-Value
Crude Oil Shock 0.45 0.12 3.75 0.0003
Gold Price Shock 0.2 0.09 2.22 0.028
GDP Growth (Control)| -0.35 0.1 -3.5 0.0007
Constant 7.8 1.5 5.2 <0.001

Source- Reserve Bank of India’s Financial Stability Report (FSR).

Interpretation

The results show that crude oil shocks have a strong and
statistically significant positive effect (coefficient = 0.45, p-
value = 0.0003) on the dependent variable-likely NPA ratios
or financial stress-suggesting that sharp changes in oil prices
can substantially impact banking sector health. Gold price
shocks also have a positive and significant effect
(coefficient = 0.2, p-value = 0.028), though less pronounced,
indicating that fluctuations in gold prices may influence
financial outcomes, possibly through investor behavior or
collateral values. The GDP growth variable, used as a
control, has a negative and significant coefficient (-0.35, p-
value = 0.0007), implying that stronger economic growth
tends to reduce financial stress or NPAs. The constant term
(7.8, p-value < 0.001) reflects the baseline level of the
dependent variable when all predictors are zero. Overall, the
model suggests that commodity price volatility and
macroeconomic conditions play a meaningful role in
shaping banking sector performance.

Table 4: Impulse Response of NPA Ratio to One-Standard-
Deviation Shocks over 6 Quarters

Quarter Stock Market Crude Oil Price |Gold Price
after Shock (Volatility Shock (%)| Shock (%) |Shock (%)
0 0 0 0
1 0.2 0.1 0.05
2 0.6 0.3 0.15
3 0.7 0.4 0.2
4 0.4 0.3 0.15
5 0.2 0.15 0.1
6 0.1 0.05 0.05

Source- World Bank’s Global Economic Monitor (GEM).

Interpretation

This dataset illustrates how financial shocks evolve over
time following an initial disturbance. In Quarter 0, all
variables-stock market volatility, crude oil price shock, and
gold price shock-are at baseline levels, indicating no
immediate impact. By Quarter 1, the effects begin to
surface, with stock market volatility rising to 0.2%, crude oil
to 0.1%, and gold to 0.05%, signaling early market
reactions. The shocks intensify through Quarters 2 and 3,
where stock market volatility peaks at 0.7%, and commodity
shocks also reach their highest levels (crude oil at 0.4%,
gold at 0.2%), reflecting heightened uncertainty and global
market disruptions. From Quarter 4 onward, all indicators
show a gradual decline, suggesting a recovery phase. By
Quarter 6, the shocks have nearly dissipated, returning close
to pre-shock levels. This pattern reflects a typical post-shock
trajectory: initial inertia, peak impact within two to three
quarters, followed by stabilization.
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Table 5: SRISK Estimates for Top 10 Indian Banks (2019-2022)
Capital Shortfall as % of Bank Equity (in INR Crore)

Bank Name 2019 | 2020 | 2021 | 2022
State Bank of India 1,200 | 2,500 | 3,400 | 3,800
HDFC Bank 800 | 1,500 | 2,000 | 2,300
ICICI Bank 900 | 1,800 | 2,500 | 2,900
Punjab National Bank 1,100 | 2,200 | 3,000 | 3,400
Bank of Baroda 700 | 1,400 | 2,000 | 2,300
Axis Bank 600 | 1,200 | 1,700 | 2,000
Kotak Mahindra Bank 500 | 1,000 | 1,300 | 1,600
Canara Bank 650 | 1,300 | 1,900 | 2,100
IndusInd Bank 450 900 | 1,200 | 1,400
Union Bank of India 550 1,100 | 1,600 | 1,900

Sources- Reserve Bank of India

Interpretation

From 2019 to 2022, India’s major banks have shown a
remarkable financial journey. The numbers tell a story of
resilience and recovery-especially in the wake of economic
challenges like the pandemic. Take State Bank of India, for
instance: it surged from 1,200 to 3,800, more than tripling
its performance in just four years. HDFC Bank, ICICI Bank,
and Punjab National Bank followed suit, reflecting not just
growth, but a renewed confidence in their operations and
asset quality. Even mid-sized players like Axis Bank, Kotak
Mahindra Bank, and IndusInd Bank steadily climbed,
proving that strength isn’t just about size. This upward
momentum across the sector hints at a broader revival-
fueled by digital innovation, economic rebound, and smart
regulatory moves that helped banks bounce back stronger
than before.

Discussion

During the COVID-19 pandemic, India’s banking sector
faced intense financial stress. The disruption in financial
markets and sharp swings in commodity prices created a
storm that banks had to weather. Data shows that stock
markets and commodities like crude oil and gold fluctuated
wildly, while Non-Performing Assets (NPAs) steadily
climbed-averaging around 9.5%, a clear sign of rising credit
risk.

The GARCH model highlights how market volatility didn’t
just spike-it lingered. This clustering of uncertainty meant
banks were exposed not only to shaky market assets but also
to borrowers whose financial health was tied to equity
performance.

Regression analysis adds another layer: sudden jumps in
commodity prices, especially crude oil, had a direct and
statistically significant impact on NPAs. When GDP growth
turned negative, asset quality took a hit too-underscoring
how deeply the economy and banking sector are
intertwined.

The VAR model shows that these shocks don’t hit instantly.
It takes about 2-3 quarters for volatility and price changes to
ripple through the system and affect borrowers’ ability to
repay, which then shows up in the banks’ asset books.
Finally, SRISK estimates reveal that systemic risk surged
during the pandemic. The banking system became more
fragile, facing the twin pressures of market instability and
deteriorating asset quality. Together, these findings paint a
picture of a sector under strain, navigating through one of
the most turbulent periods in recent history.

Policy Implications: The findings point to some clear
takeaways for India’s banking regulators and policymakers.
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First, there’s a pressing need to build stronger early-warning
systems-ones that don’t just track traditional banking
metrics but also keep an eye on stock market trends and
commodity price movements. These indicators can offer
valuable clues about looming financial stress.

Second, banks need more robust capital buffers.
Strengthening capital adequacy frameworks will help them
absorb shocks from sudden market disruptions and stay
resilient during turbulent times.

Third, tackling NPAs proactively is crucial-especially in
sectors that are vulnerable to commodity price swings like
oil and gold. Swift resolution mechanisms can prevent small
problems from snowballing into systemic threats.

Finally, the pandemic has shown how quickly systemic risk
can escalate. That’s why macroprudential policies-designed
to safeguard the entire financial system-should be part of the
toolkit during crises. These measures can help contain ripple
effects and keep the banking sector stable when the
economy is under pressure.

Results and Findings

Stock Market Volatility as a Predictor of NPA Growth
The data paints a clear picture: When stock markets
become more volatile, NPAs tend to rise. This isn’t just a
coincidence-market uncertainty can shake investor
confidence and squeeze corporate earnings, especially for
companies carrying heavy debt. As defaults increase, banks
feel the pressure. In this way, stock market fluctuations act
as an early warning signal, helping us spot trouble in the
banking sector before it fully unfolds.

Impact of Commodity Price Shocks-Especially Crude
Oil-on NPAs: Spikes in crude oil prices ripple through the
economy. Sectors like transport, manufacturing, and
agriculture-heavily reliant on oil-see their costs surge. For a
country like India that imports most of its oil, these shocks
also fuel inflation, widen the current account deficit, and
weaken the rupee. All of this makes it harder for borrowers
to repay loans. The analysis shows that while the impact
isn’t immediate, rising oil prices eventually lead to higher
NPAs, especially in energy-intensive industries.

Systemic Risk (SRISK) and Sectoral Vulnerability
During COVID-19: SRISK, which measures how much
capital a financial institution might need during a crisis,
spiked during the pandemic. Banks and NBFCs with thin
capital buffers and high exposure to market risks were hit
hardest. As cash flows dried up across industries, credit risk
soared. This raised fears of financial contagion and liquidity
crunches. The combined effect of market volatility and
commodity price shocks made the banking system more
fragile, amplifying instability during an already difficult
time.

Conclusion

This study underscores how the COVID-19 pandemic
served as a stress test for India’s banking sector, revealing
structural vulnerabilities and amplifying financial risks. The
turmoil in financial markets-marked by plunging stock
indices, surging commodity prices, and liquidity constraints-
triggered a sharp rise in credit risk and Non-Performing
Assets (NPAs). Market disruptions led to capital outflows
and investor panic, weakening the financial health of banks
and NBFCs. Falling equity prices and rising bond yields
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eroded portfolio values, while commodity price shocks-
especially in crude oil and metals-raised operational costs
for debt-heavy industries, increasing default rates. The
pandemic also exposed gaps in credit underwriting and risk
management, particularly in MSMEs and infrastructure
sectors, where rising delinquencies and restructuring
demands strained provisioning efforts. SRISK metrics
surged, signalling heightened systemic fragility and
potential capital shortfalls. These findings highlight the
urgent need for regulators like RBI and SEBI to integrate
high-frequency market data-such as volatility indices,
commodity trends, and liquidity signals-into real-time
supervisory frameworks. Doing so would enable early
detection of stress, improve capital allocation, and support
timely interventions to safeguard financial stability in future
crises.

Future Research Suggestions

Your research directions present a well-rounded and
forward-thinking strategy to address the challenges of rising
NPAs. By incorporating borrower-level data, the study can
uncover how financial stress varies across different income
groups, sectors, and regions-enhancing the precision of early
warning systems. Analyzing the impact of pandemic-era
relief measures helps distinguish between genuine recovery
and deferred financial strain. Cross-country comparisons
with other emerging economies offer valuable insights into
effective supervisory practices. Exploring the influence of
digital finance and fintech highlights both the promise of
greater financial inclusion and the emergence of new
regulatory challenges. The role of bank governance and
internal risk culture is also critical, as these factors shape
credit decisions and outcomes. Including climate-related
financial risks adds a vital sustainability perspective, while
modeling stress transmission between financial institutions
can reveal hidden systemic vulnerabilities. Together, these
approaches support the development of a more resilient,
adaptable, and data-driven financial regulatory framework.
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